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a b s t r a c t
Sustainably accommodating future population growth and meeting global food requirements requires
understanding feedbacks between ecosystems and belowground hydrological processes. Here, we introduce MODFLOW-AgroIBIS (MAGI), a new dynamic ecosystem model including groundwater ﬂow, and
use MAGI to explore the indirect impacts of land use change (urbanization) on landscape-scale agroecosystem productivity (corn yield). We quantify the degree to which urbanization can indirectly impact
yield in surrounding areas by changing the amount of groundwater recharge locally and the water table
dynamics at landscape scales. We ﬁnd that urbanization can cause increases or decreases in yield elsewhere, with changes up to approximately +/− 40% under the conditions simulated due entirely to altered
groundwater-land surface interactions. Our results indicate that land use change in upland areas has the
largest impact on water table depth over the landscape. However, there is a spatial mismatch between
areas with the largest water table response to urbanization elsewhere (upland areas) and locations with
the strongest yield response to urbanization elsewhere (midslope areas). This mismatch arises from differences in baseline water table depth prior to urbanization. Yield response to urbanization in lowland
areas is relatively localized despite large changes to the vertical water balance due to stabilizing ecohydrological feedbacks between root water uptake and lateral groundwater ﬂow. These results demonstrate
that hydrological impacts of land use change can propagate through subsurface ﬂow to indirectly impact
surrounding ecosystems, and these subsurface connections should be considered when planning land
use at a landscape scale to avoid negative outcomes associated with land use change.
© 2017 Elsevier B.V. All rights reserved.

1. Introduction
Land use/land cover (LULC) change is a primary driver of
global change with diverse impacts on ecosystems, including altering freshwater availability, reducing biosphere integrity, changing
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biochemical ﬂows, increasing atmospheric aerosol loading, and
contributing to climate change (Foley, 2005; Foley et al., 2011;
Steffen et al., 2015; Turner et al., 2007). In particular, LULC change
can have diverse impacts on the hydrological cycle, often facilitated by changes in ecological processes. During urbanization, for
instance, the interplay between vegetation and impervious areas
inﬂuence the degree to which runoff, groundwater recharge, and
evapotranspiration (ET) are affected (Bhaskar et al., 2015, 2016;
Cho et al., 2009; Fry and Maxwell, 2017; Newcomer et al., 2014;
Shields and Tague, 2015; Zipper et al., 2016b, 2017). Ecohydrological processes play a similar role in other LULC change pathways;
conversion from perennial ecosystems to row-crop agriculture, for
example, is often associated with a reduction in growing season
length and evapotranspiration (ET) due to changes in terrestrial
ecosystem processes, which can lead to an increase in groundwa-
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ter recharge (Amdan et al., 2013; Giménez et al., 2016; Kim and
Jackson, 2012; Scanlon et al., 2005; Yira et al., 2016).
Understanding the impacts of LULC on interactions between
shallow groundwater and ecological processes is a particularly
important question, as shallow groundwater is within 3 m of the
land surface in an estimated 7–17% of global land area (Fan et al.,
2013). LULC change impacts groundwater ﬂow by altering groundwater recharge and discharge in ways that are both complex and
hard to quantify (Bhaskar et al., 2015; Bhaskar and Welty, 2015;
Oliveira et al., 2017; Passarello et al., 2012; Robertson and Sharp,
2015; Silveira et al., 2016). Furthermore, groundwater can exert
a major control over energy and water balances at the land surface by altering near-surface soil moisture (Hain et al., 2015;
Houspanossian et al., 2016; Kollet and Maxwell, 2008; Maxwell
and Condon, 2016; Maxwell and Kollet, 2008; Miguez-Macho and
Fan, 2012; Soylu et al., 2011). The altered water availability can
have both positive and negative effects on the productivity and
composition of both natural and managed ecosystems (Booth and
Loheide, 2012; Florio et al., 2014; Lowry et al., 2011; Lowry and
Loheide, 2010; Nosetto et al., 2009). Of particular note in the face of
growing global food demand are the impacts of shallow groundwater on agricultural productivity. Shallow groundwater can increase
yield during drought by providing a supplemental water supply
(‘groundwater yield subsidy’) or decrease yield during wet conditions by enhancing oxygen stress (‘groundwater yield penalty’)
(Zipper et al., 2015). Increasing groundwater recharge due to LULC
change has been associated with a variety of negative impacts on
ecosystems, including increased risk of ﬂooding (Booth et al., 2016;
Kuppel et al., 2015; Nosetto et al., 2015) and groundwater salinization due to the mobilization of unsaturated zone salts (George et al.,
1999; Nosetto et al., 2013).
While interactions between shallow groundwater and ecosystems are often explored from a one-dimensional perspective (e.g.
Ghamarnia et al., 2010; Huo et al., 2012a, 2012b; Karimi et al., 2011;
Luo and Sophocleous, 2010), LULC mosaics can induce heterogeneous recharge and discharge patterns at local scales, particularly
where perennial and annual ecosystems are in close proximity
(Giménez et al., 2016; Nosetto et al., 2012). This heterogeneity can
lead to surprising effects in the lateral dimension; Bhaskar et al.
(2016), for example, noted that exurban development in headwater areas could lead to streamﬂow deﬁcits downstream by drawing
down groundwater, though modeled impacts surrounding Baltimore were primarily local. Similarly, Condon and Maxwell (2014)
found that the largest drawdown due to groundwater irrigation
in the Little Washita Basin (Oklahoma, USA) was not in the lowlands where the majority of irrigation was located, but rather in the
uplands due to divergence of groundwater ﬂow from topographically high areas. Recent work has highlighted the importance of
considering impacts of lateral groundwater ﬂow on land surface
processes such as runoff generation and ET (Fan, 2015; Maxwell
and Condon, 2016; Maxwell and Kollet, 2008).
Despite these recent advances, the degree to which LULC decisions in one location may indirectly impact ecological processes
in surrounding areas by altering groundwater recharge and subsurface ﬂow remains poorly understood, in large part due to
limitations in the capabilities of current modeling approaches.
Existing models typically specialize in the simulation of either
water or vegetation dynamics, rather than both. Widely used
soil hydrology models including HYDRUS (Šimůnek et al., 2013),
COMSOL (Booth and Loheide, 2010, 2012), and unsaturated zone
packages for MODFLOW (Niswonger et al., 2006; Thoms et al.,
2006; Twarakavi et al., 2008) either oversimplify or do not explicitly represent vegetation. In contrast, existing land surface and
agroecosystem models such as LPJmL (Bondeau et al., 2007; Sitch
et al., 2003), DSSAT (Jones et al., 2003), and APSIM (McCown et al.,
1996; Wang et al., 2002) capture vegetation dynamics well, but

represent below-ground soil hydrology in a simpliﬁed manner. The
ParFlow-based family of models, including ParFlow.CLM (Maxwell
and Miller, 2005) and TerrSysMP (Gasper et al., 2014; Shrestha et al.,
2014), represents the current state of the art. ParFlow.CLM consists
of ParFlow, a fully three-dimensional surface/subsurface hydrological ﬂow model designed for parallelized computing, coupled
with the Community Land Model (Dai et al., 2003), a land surface
model originally developed for interfacing with climate models.
While powerful and widely used in the scientiﬁc community, the
representation of vegetation, particularly agroecosystems, in CLM
remains limited. Certain weaknesses, including lack of differentiation between different agricultural plant functional types (Sulis
et al., 2014), a requirement to provide phenological parameters
such as leaf area index (LAI) as input data rather than simulating the
explicit growth of plants, an inability to provide quantitative yield
estimates (Drewniak et al., 2013), and a lack of nutrient cycling limit
the ability of ParFlow.CLM to answer certain questions related to
LULC change and agricultural management impacts on ecological
processes and the hydrological cycle.
In this study, we introduce MODFLOW-AgroIBIS (MAGI), a new
modeling framework capable of dynamically simulating vegetation
growth and nutrient cycling (nitrogen and phosphorus) in response
to environmental conditions while employing a physically-based
approach to quantify the movement of water and energy across
the groundwater-unsaturated zone-vegetation continuum (also
known as the critical zone). MAGI uses the latest version of AgroIBIS
(Soylu et al., 2014; Zipper et al., 2015; Motew et al., 2017), which
has soil physics adapted from HYDRUS-1D, as a land surface and
unsaturated zone module for MODFLOW-2005, a widely used
groundwater ﬂow model (Harbaugh, 2005). This coupled approach
gives MAGI the advantages of each of three widely-used and wellvalidated models: (1) AgroIBIS, a process-based ecosystem model
including dynamic vegetation growth in both natural and managed
ecosystems (Kucharik et al., 2000; Kucharik and Brye, 2003); (2)
HYDRUS-1D, a variably saturated ﬂow model using the Richards
Equation to represent water and heat transport (Šimůnek et al.,
2013); and (3) MODFLOW-2005, a modular groundwater ﬂow
model (Harbaugh, 2005).
After describing and validating the new model (Sections 2 and 3,
respectively), we then use MAGI to address the following questions:
(1) Can changes in LULC (urbanization) in one location lead to
changes in agroecosystem productivity (corn yield) in surrounding areas by altering groundwater ﬂow and root zone
water availability?
(2) Where on the landscape is agroecosystem productivity most
sensitive to urbanization elsewhere?
(3) Where on the landscape does urbanization exert the strongest
inﬂuence on agroecosystem productivity elsewhere?
2. Model description
2.1. AgroIBIS
AgroIBIS is a one-dimension (vertical) process-based ecosystem model that can simulate both managed and natural ecosystem
dynamics with coupled water, energy, carbon, nitrogen, and phosphorus cycles; a schematic overview of some of the major processes
included in AgroIBIS is shown in Fig. 1a. AgroIBIS was developed in
the early 2000s to extend the capability of the Integrated BIosphere
Simulator (IBIS; Foley et al., 1996) global dynamic vegetation model
to simulate agroecosystems, at which time agricultural outputs
such as grain yield, harvest index, plant nitrogen concentrations,
season leaf area index (LAI) patterns, and the land surface energy
balance were validated (Donner and Kucharik, 2003; Kucharik and
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Fig. 1. (a) Conceptual overview of MAGI including key processes. (b) Flowchart showing coupling structure between MODFLOW and AgroIBIS. Each box on the left represents
a MODFLOW procedure (simpliﬁed from Harbaugh et al., 2005), and boxes on the right show where AgroIBIS interfaces with MODFLOW. “B.C.” is short for “Boundary
Condition”.

Brye, 2003; Twine et al., 2004). Subsequent studies validated carbon and energy ﬂuxes (Kucharik et al., 2006; Kucharik and Twine,
2007; Motew and Kucharik, 2013), snowpack accumulation and

timing (Kucharik et al., 2013; Lenters et al., 2000; Twine et al.,
2005; Vano et al., 2006), response to atmospheric CO2 concentration (Twine et al., 2013), and plant phenology (Kucharik and Twine,
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Fig. 2. Modeled (lines) and observed (circles) hydraulic head distributions for sandbox validation experiment at different times. Grey horizontal line shows initial water
table. Observed data are from Vauclin et al. (1979).

2007; Twine et al., 2013; Webler et al., 2012; Xu et al., 2014). Additional PFTs including sugarcane (Cuadra et al., 2012), miscanthus
(VanLoocke et al., 2010), and switchgrass (VanLoocke et al., 2012)
have since been introduced to AgroIBIS.
Soylu et al. (2014) replaced the soil physics of the original
AgroIBIS with the variably saturated soil water ﬂow and heat
transfer model HYDRUS-1D (Fig. 1a) (Šimůnek et al., 2013). This
represents a substantial improvement over existing agroecosystem and dynamic vegetation models, as well as previous versions
of AgroIBIS, which typically use a small number of thicker soil layers and a volumetric water content-based solution to the Richards
Equation. The new AgroIBIS simulates soil hydrology and energetics
using the one-dimensional mixed hydraulic head and volumetric water content-based Richards Equation for water movement
(Richards, 1931):
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where K is the hydraulic conductivity in the z dimension [L T−1 ],
is the pressure head [L], S is a sink term representing root water
uptake [L−1 ],  is the volumetric water content [L3 L−3 ], and t is
time [T].  and
are related by a soil water characteristic curve
(Clapp and Hornberger, 1978; Van Genuchten, 1980). By solving
the Richards Equation as a function of pressure head rather than
volumetric water content, the mixed form of the Richards Equation
allows AgroIBIS to accurately simulate the impacts of groundwater on the unsaturated zone, such as capillary rise. For a complete
description and validation of the coupling between AgroIBIS and
HYDRUS-1D, the reader is referred to Soylu et al. (2014) and Zipper et al. (2015). This approach was also validated at a watershed
scale via comparison with streamﬂow, sediment yield, and soil/lake
phosphorus concentrations when coupled with the THMB surface
water routing model (Motew et al., 2017).
Vegetation within AgroIBIS is represented as two canopy layers
populated by different plant functional types (PFTs) including natural forest, shrub, and grassland PFTs as well as agroecosystem PFTs.
For each PFT, biophysically-based computations of photosynthesis, stomatal conductance, and respiration are used to simulate leaf
physiology to calculate water and carbon exchanges at an hourly
timestep (Collatz et al., 1991; Farquhar et al., 1980). Progression
through plant phenological growth stages and carbon allocation
is based on the accumulation of thermal time (i.e. degree days)
and temperature thresholds, which dynamically vary during the
growing season controlled by PFT-speciﬁc parameters. These timevarying parameters control carbon (C) allocation among leaf, stem,

root, and grain pools. AgroIBIS calculates ET following Pollard and
Thompson (1995) as the sum of total transpiration (from upper and
lower canopies), evaporation of water intercepted by vegetation,
and soil surface evaporation. Physiological parameterizations are
used to deﬁned PFT-speciﬁc sensitivity to stresses such as water,
oxygen, and nitrogen deﬁciencies (Feddes et al., 1974, 1976), with
rooting proﬁles for each PFT following an exponential distribution
deﬁned by the global parameters of Jackson et al. (1996). A detailed
description of IBIS and AgroIBIS is available in a suite of studies
introducing and validating the model (Foley et al., 1996; Kucharik,
2003; Kucharik et al., 2000; Kucharik and Brye, 2003; Kucharik and
Twine, 2007; Soylu et al., 2014).
The latest version of AgroIBIS, introduced in Motew et al. (2017),
also includes four urban PFTs (open space and low/medium/high
density) aligned with the classes of the National Land Cover Dataset
(Homer et al., 2015). These urban PFTs are represented using a
hybrid of the AgroIBIS process-based algorithms and an empirical curve number approach (impervious areas only), similar to
Arden et al. (2014) and Schneider et al. (2012). For urban PFTs,
AgroIBIS simulates pervious areas as grass with a maximum permitted canopy height of 0.11 m. For this study, C4 grasses were used
in urban areas, but other vegetation types (e.g. C3 grasses) can also
be used depending on local vegetation communities. Separately,
runoff from impervious areas is calculated in each urban cell using
the NRCS Curve Number (CN) approach with CN set to 98 (United
States Department of Agriculture, 1986). Estimates of runoff from
AgroIBIS for pervious areas (based on the Richards Equation) and
impervious areas (using the CN) are then weighted based on the
relative fraction of impervious and pervious cover within each grid
cell; defaults for MAGI are 0%, 10%, 35%, and 65% impervious cover
for open, low, medium, and high-density urban areas, respectively.
Rainfall on urban areas that is not runoff under the CN approach
is added to ET as calculated by AgroIBIS to account for evaporation from impervious surfaces. Other model outputs and exchange
ﬂuxes with MODFLOW, such as groundwater recharge, capillary
rise, nitrate leaching, ET, LAI, and biomass, are also scaled based on
the proportion of impervious cover for each urban PFT.
AgroIBIS provides several advantages for the representation of
land surface processes over other Richards Equation-based models.
First, AgroIBIS is a dynamic vegetation model including the complete water, energy, and carbon cycles, designed for the explicit
representation of natural and agroecosystems including major
commodity and bioenergy crops. AgroIBIS estimates photosynthesis at hourly timesteps and uses accumulated carbon to simulate
vegetation growth via partitioning into root, stem, leaf, and grain
pools; critically, this allows for the simulation of crop yield, the
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cantly impact the water balance within a vertical AgroIBIS grid cell.
The present study does not include the coupled THMB model.
2.2. Coupling with MODFLOW
To provide a new tool for addressing interactions and feedbacks between groundwater and ecosystem processes with the
explicit representation of dynamic vegetation growth, we coupled
the AgroIBIS ecosystem model to the modular groundwater ﬂow
model, MODFLOW-2005 (Harbaugh, 2005); hereafter, we refer to
the coupled models as MODFLOW-AgroIBIS (MAGI). MODFLOW2005 (Harbaugh, 2005), is a version of the MODFLOW family
of ﬁnite-difference groundwater ﬂow models, which have been
widely used and validated since being introduced in the 1980s
(McDonald and Harbaugh, 1988). MODFLOW has been successfully
applied at scales ranging from riparian ﬂoodplains (Doble et al.,
2006; Faulkner et al., 2012; Mastrocicco et al., 2014; Zell et al., 2015)
to watersheds (Cho et al., 2009; Falke et al., 2011; Lam et al., 2011;
Sutanudjaja et al., 2011, 2014) to global (de Graaf et al., 2015, 2017).
MODFLOW simulates three-dimensional saturated groundwater ﬂow for a porous medium using a block-centered
ﬁnite-difference approach and solving the partial-differential equation:

∂
∂x

Fig. 3. Recharge mound validation of (a) cross-section of water table depth, and
vertical proﬁles of soil moisture (b) under the wetting front and (c) outside of the
wetting front.

key variable of interest to most farmers and global food production
projections. Second, AgroIBIS simulates the complete nitrogen and
phosphorus nutrient cycles in agroecosystems, including deposition, mineralization, plant uptake, leaching, and erosion. Combined,
these advantages enable AgroIBIS to simulate the impacts of agricultural land use on critical zone processes in considerable detail
at point to global scales, including the effects of management practices such as irrigation (Kucharik and Twine, 2007; Schneider et al.,
2012; Twine and Kucharik, 2009), fertilizer and manure application
(Donner et al., 2004; Donner and Kucharik, 2008, 2003; Kucharik
and Brye, 2003), shifts in hybrid selection or planting date (Sacks
and Kucharik, 2011), and residue management practices (Kucharik
et al., 2013; Kucharik and Twine, 2007).
However, unlike other integrated surface-subsurface models,
AgroIBIS does not dynamically couple surface and subsurface ﬂow.
Instead, runoff is calculated at individual grid cells, and AgroIBIS
has previously been coupled with the Terrestrial Hydrology Model
with Biogeochemistry (THMB) to include surface water and nutrient routing (Coe, 2000, 1998; Coe et al., 2008; Donner et al., 2004;
Donner and Kucharik, 2003). This approach arose from AgroIBIS’
original development as a global dynamic vegetation model with
coarse (1◦ ) grid cells, a spatial resolution at which runon is a subgrid level process. This lack of overland ﬂow routing within AgroIBIS
may make the model inappropriate for hillslope hydrology or ﬁne
spatial resolution studies where runoff/runon dynamics signiﬁ-



∂h
Kxx
∂x



∂
+
∂y



∂h
Kyy
∂y



∂
+
∂z



∂h
Kzz
∂z



−W =S

∂h
∂t

(2)

where Kxx , Kyy and Kzz are values of hydraulic conductivity in the
x, y, and z directions [L T−1 ]; h is the potentiometric head [L]; W
is a volumetric ﬂux per unit volume representing sources and/or
sinks of water, e.g. pumping wells [T−1 ]; S is the storage coefﬁcient accounting for elasticity of the porous material [L−1 ]; and t is
time [T] (Harbaugh, 2005). MODFLOW is designed and built around
the concept of modular programming, in which speciﬁc packages
simulate different components of groundwater ﬂow systems. Existing packages simulate processes including solute transport (Guo
and Langevin, 2002; Hornberger et al., 2002; Zheng et al., 2001),
groundwater management (Ahlfeld et al., 2005), aquifer subsidence
(Hoffmann et al., 2003), and interactions with surface water features (Merritt and Konikow, 2000; Niswonger and Prudic, 2005;
Prudic et al., 2004).
To couple AgroIBIS and MODFLOW, we converted AgroIBIS to a
MODFLOW package. Similar to the HYDRUS package for MODFLOW
(Seo et al., 2007), AgroIBIS simulates all land surface and unsaturated zone processes, and calculates the average ﬂux across the
bottom of the soil proﬁle for each MODFLOW timestep. This ﬂux is
passed to MODFLOW as a source/sink (W in Eq. (2)) to the upper
layer of the groundwater ﬂow equation. MODFLOW then solves the
groundwater ﬂow equation to calculate a new hydraulic head distribution over the model domain, which is provided to AgroIBIS as
a pressure head bottom boundary condition corresponding to the
height of the water table above the bottom of the AgroIBIS soil proﬁle. Within this coupled framework, all changes in storage due to
the draining and ﬁlling of pore spaces occur within the AgroIBIS soil
column via the response of the pressure head proﬁle to changes in
the bottom boundary condition and corresponding changes in soil
moisture; within MODFLOW, only storage changes resulting from
aquifer and ﬂuid compression/expansion are represented. Thus, all
AgroIBIS cells must be discretized such that hydraulic head never
drops below the bottom of the soil proﬁle during a simulation.
MAGI simulates myriad processes within a single modeling
framework and these processes operate at timesteps ranging from
minutes to years. “Fast” processes (e.g. near-surface ﬂuxes of
energy, water and momentum, photosynthesis, and respiration)
operate at timesteps of minutes to hours; “medium” processes
(e.g. vegetation phenology and carbon/nutrient cycling) operate
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at timesteps of days to weeks; and “slow” processes (e.g. agricultural management, planting decisions, and land cover transitions)
operate at monthly to yearly timesteps. In MAGI, these processes
are organized in a hierarchical framework allowing each process
to operate internally at the proper timestep, while the coupling
between AgroIBIS and MODFLOW is designed in a way such that
the groundwater ﬂow equation can be solved at a user-deﬁned frequency as determined by the needs of a particular simulation. For
example, in simulations where lateral ﬂow is expected to change
slowly and/or groundwater is expected to be relatively unimportant to ecosystem processes, the groundwater ﬂow equation can be
solved at weekly or longer timesteps, while in applications where
hydraulic conductivity is very high or lateral groundwater ﬂow
is very important, MODFLOW and AgroIBIS can exchange ﬂuxes
hourly.
One issue associated with differences in timestep length
between AgroIBIS and MODFLOW is that holding a constant pressure head bottom boundary condition in AgroIBIS for an entire
MODFLOW timestep can lead to overestimates of groundwater
recharge or capillary rise, causing oscillatory groundwater table
dynamics over time. To eliminate these issues, we implemented
an intermediate prediction mechanism into the coupling between
AgroIBIS and MODFLOW, shown in Fig. 1b. This prediction mechanism estimates a new AgroIBIS bottom boundary condition based
on the storage coefﬁcient of the uppermost MODFLOW layer and
the calculated bottom boundary ﬂux each time the Richards Equation is solved, and which is used for the next Richards Equation
timestep, and this process is completed until a new MODFLOW
timestep is reached. At this point, the cumulative bottom boundary ﬂux from AgroIBIS over the entire MODFLOW timestep is input
into the MODFLOW groundwater ﬂow equation, and the AgroIBIS
bottom boundary condition is updated based on the new MODFLOW solution. Effectively, this prediction step can be thought of
as approximating the groundwater response as one-dimensional
in the vertical direction during each AgroIBIS timestep, with lateral
ﬂow occurring only during each MODFLOW timestep.
3. Model validation
To ensure accurate performance of MAGI, we conduct four validation tests. To test the Richards Equation solver, we simulate a 1D
comparison to a ﬁeld inﬁltration experiment described in Wierenga
et al. (1991) (Fig, A1). To evaluate water table response to recharge
and exchange between MODFLOW and AgroIBIS, we simulate a
short-term 2D sandbox experiment (Vauclin et al., 1979) and a
long-term 3D groundwater mounding scenario (Section 3.2). To
evaluate groundwater impacts on land surface processes including
exﬁltration, we simulated a 3D tilted v-catchment benchmarking
problem used as part of the Integrated Hydrological Model Intercomparison Project (IH-MIP; Kollet et al., 2017).
3.1. Sandbox experiment
We simulated a two-dimensional sandbox experiment
described in Vauclin et al. (1979) in order to test MAGI’s ability to simulate a changing water table in response to inﬁltration
within a subset of the domain. The model domain for this experiment is a sandbox with a depth of 2.0 m and a width of 6.0 m;
as the experiment was symmetrical, we only simulated half of
the domain, for a width of 3.0 m (Fig. 2; Twarakavi et al., 2008).
The entire domain had an initial head of 0.65 m and the initial
pressure head and soil moisture distributions were assumed to
be in hydrostatic equilibrium. For a period of 8 h, inﬁltration
was applied to the leftmost 0.5 m of the domain at a rate of
4.11 × 10−5 m s−1 (3.55 m d−1 ). We discretized the model into 150

Fig. 4. Tilted v-catchment validation. (a) Elevation of land surface for model domain.
Total volume in (b) saturated and (c) unsaturated storage through time. Data for all
models besides MAGI are from Kollet et al. (2017).

cells of 0.02 m width, with a no-ﬂow boundary on the left (x=0 m)
and a speciﬁed head boundary of 0.65 m on the right (x=3.0 m).
Soil hydraulic properties were the same in the unsaturated and
saturated zones and were provided by Vauclin et al. (1979) as
follows: saturated hydraulic conductivity (Ksat ) = 8.40 m d−1 ,
saturated volumetric water content ( s ) = 0.300 m3 m−3 , residual
volumetric water content ( r ) = 0.010 m3 m−3 , Van Genuchten
parameter ␣ = 3.30 m−1 , and Van Genuchten parameter n = 4.10.
As MAGI is not designed to run at sub-daily timesteps, we scaled
one minute of experiment time to one day of model time, and
adjusted all rates and conductivities accordingly.
MAGI predicts a more rapid than observed rise in the water table
early in the experiment, but closely matches the observed data at
the end of the experiment, for an overall RMSE of 0.047 m (Fig. 2).
We attribute the discrepancy between MAGI and observations early
in the experiment to a lack of lateral ﬂow in the unsaturated zone
in MAGI. Due to the extremely high inﬁltration rate, experimental
results showed a signiﬁcant horizontal component to the wetting
front relative to the limited horizontal extent of the domain, while
the one-dimensional nature of AgroIBIS forced the wetting front
to move only vertically. This led to greater recharge in MAGI compared to the observations early in the experiment. As vertical ﬂow
becomes the dominant vadose zone process later in the experiment, the agreement between the model and experiment results
improves.
3.2. Recharge mound experiment
To test MAGI’s coupling between the unsaturated and saturated
zones in a setting more representative of the 3D, landscape-scale
simulations MAGI is designed for, we designed a hypothetical
experiment where a pulse of inﬁltration was applied to the land
surface for 10 years, followed by 10 years with no inﬁltration. We
compared MAGI and COMSOL simulations to assess the impact
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Fig. 5. Conceptual model of domain used for urbanization scenarios. Ticks along bottom and top show domain discretization. Uplands, midslope, and lowland regions
correspond to terms used in text to refer to leftmost, central, and rightmost portions of domain, respectively.

of neglecting lateral ﬂow in the unsaturated zone using MAGI in
larger domains relevant to terrestrial ecosystem processes. The
experimental design is a 1000 m × 1000 m domain, discretized into
100 cells with a width and height equal to 100 m (Fig. 3). The left
(x = 0 m) and top (y = 0 m) edges of the domain were no-ﬂow boundaries, the right (x = 1000 m) and bottom (y = 1000 m) edges were
speciﬁed head boundaries at an elevation of 17.0 m, and the domain
had a uniform height of 20.0 m with hydrostatic initial conditions.
In one quadrant of the domain (x < 500 m; y < 500 m), inﬁltration
was deﬁned at a rate of 1.65 × 10−9 m s−1 (1 mm week−1 ) for the
ﬁrst 10 years of the simulation, and 0 for the next 10 years of the
simulation. All other surface ﬂuxes were set to zero. Soils in both the
saturated and unsaturated zones were parameterized as a homogeneous loam using the mean values provided by Carsel and Parrish
(1988).
Results from the recharge mound validation experiment
demonstrate that the hydraulic head and soil moisture response
is comparable between MAGI and COMSOL both underneath and
away from the inﬁltration zone (Fig. 3), despite MAGI’s lack of lateral ﬂow in the unsaturated zone. The root mean squared difference
(RMSD) of hydraulic head between MAGI and COMSOL is <0.02 m
during both the rising and falling phases of the water table, and the
lateral hydraulic gradient is well-captured, including a rising water
table in areas outside of the inﬁltration zone. As these areas did
not receive any direct inﬁltration, the rise in the water table (and
accompanying increase in soil moisture in the unsaturated zone)
can be attributed to lateral ﬂow through the saturated zone and
capillary rise from the saturated zone into the unsaturated zone.
3.3. Tilted v-catchment experiment
Finally, we compared MAGI to a 3D tilted v-catchment benchmark used by the second phase of the Integrated Hydrologic
Model Intercomparison Project (IH-MIP2; Kollet et al., 2017). This
benchmark problem is intended to validate interactions between
surface and subsurface water during 120 h of recession from an
initially non-equilibrium water table. The domain is 110 m in the
x-dimension and 100 m in the y-dimension, and consists of two
slopes surrounding a 10 m thick central channel (Fig. 4a). Our MAGI
model had a uniform vertical thickness of 5 m and an initial hydrostatic pressure head proﬁle for each grid cell with a water table
depth of 2 m. We discretized the model into 11,000 grid cells in
the lateral dimension with a resolution of 1 m in both the x- and
y-dimensions, and 150 soil layers in the vertical dimension with linearly increasing thickness from a minimum of 0.005 m at the land
surface to a maximum of 0.061 m at the bottom of the soil column.
Soil hydraulic properties were deﬁned based on Kollet et al. (2017)

as follows: Ksat = 240 m d−1 ,  s = 0.400 m3 m−3 ,  r = 0.080 m3 m−3 ,
␣ = 6.0 m−1 , and n = 2.0. As in the sandbox experiment (Section
3.1), we scaled conductivities and rates to work within AgroIBIS’
daily timestep such that one hour of experiment time was equal to
one day of model time.
MAGI was validated via comparison to the integrated surfacesubsurface models that participated in IH-MIP2: Advanced
Terrestrial Simulator (ATS; Painter et al., 2016), Cast3 M (Weill
et al., 2009), CATchment HYdrology (CATHY; Bixio et al., 2002;
Camporese et al., 2010), GEOtop (Endrizzi et al., 2014; Rigon
et al., 2006), HydroGeoSphere (HGS; Aquanty Inc., 2015), MIKESHE (Abbott et al., 1986; Butts et al., 2004), and ParFlow (Ashby
and Falgout, 1996; Kollet and Maxwell, 2006; Maxwell and Miller,
2005). Note that we do not compare to outlet discharge or surface
storage results from IH-MIP2, as MAGI does not include overland
ﬂow routing. More detailed descriptions of each of these models, as
well as the tilted v-catchment domain, are available in Kollet et al.
(2017) and references therein.
MAGI performs comparably to other integrated surfacesubsurface models throughout the simulation period, despite
MAGI’s lack of runon capabilities, 1D unsaturated zone, and relatively coarse timestep (Fig. 4). At the start of the simulation, there
is a slight decrease in saturated storage and increase in unsaturated storage as the water table begins to equilibrate laterally. After
∼25 h, water begins to exﬁltrate across the soil surface, forming
puddles and generating runoff. As the water table recedes from
∼25 h to the end of the simulation, saturated storage decreases and
unsaturated storage increases slowly at a rate comparable to most
of the rest of the models simulated.
In sum, these validation experiments demonstrate that the
components constituting MAGI are appropriately coupled to capture feedbacks between the land surface, unsaturated zone, and
groundwater domains. However, MAGI may not be well-suited
to environments where groundwater is expected to be important at timescales smaller than the minimum coupling timestep
between AgroIBIS and MODFLOW (one hour), e.g. areas with very
high hydraulic conductivity; or domains where runon can be an
important component of the water balance, e.g. hillslope hydrology
applications with local topographic lows.
4. Model application
4.1. Urbanization experimental design
To demonstrate the capabilities of MAGI, we conducted a suite of
simulations exploring feedbacks between LULC change (urbanization), groundwater recharge, subsurface ﬂow, and agroecosystem
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Fig. 6. Left column shows LULC scenarios; each of the 121 rows is a unique scenario simulated, and percentage labels correspond to the urban cover. Following columns
show changes from baseline for each row: change in mean annual recharge (center-left; net recharge can be greater than 0, indicating capillary rise), change in mean WTD
(center-right; positive value means deeper water table), and change in mean annual yield (right). Dark gray boxes in right column corresponds to urban cells where yield is
not simulated.
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Fig. 7. (a,b) Mean head in both baseline scenario and urbanization scenario shown in bar along top; colors the same as Fig. 6. (c,d) Yield change at each location in urbanization
scenario relative to baseline condition. Yield change at urbanized location and speciﬁed head boundary are not plotted because corn is not simulated there.

productivity (corn yield). Our domain was a two-dimensional (x-z)
cross-section with unit thickness through an archetypal watershed
bounded by a no-ﬂow boundary condition on the left (x=0 m) and a
speciﬁed head boundary of 20.0 m on the right (x=2100 m) (Fig. 5).
The domain was discretized into 21 cells of 100 m width in the x
dimension. The land surface elevation varied from 26.6 m on the left
to 20.0 m on the right. To determine the initial head distribution,
a starting groundwater elevation of 20.0 m was applied at all cells,
and the model was run for 200 years using 2012 meteorological
data (air temperature, wind speed, relative humidity, solar radiation, and precipitation) inputs from the University of Wisconsin
Arlington Agricultural Research Station (43.31◦ N, −89.38◦ E) under
homogeneous corn LULC. Initial head conditions were then speciﬁed for each cell, ranging from 25.4 m on the left to 20.0 m on the
right, leading to an initial water table depth (WTD) range of 0–1.2 m.
The 2012 growing season was selected for our simulations as it was
characterized by severe drought in south-central Wisconsin, and
therefore rainfed crops were exposed to water stress (Zipper et al.,
2015; Zipper and Loheide, 2014). The topography and initial water
table are such that they lead to oxygen stress at the shallow end of
the spectrum and water stress where the WTD was deepest, thus
capturing the full range of groundwater-yield interactions shown
in Zipper et al. (2015).
Soil and aquifer hydraulic parameters were homogeneous
within the AgroIBIS and MODFLOW domains, respectively. In the
AgroIBIS portion of the model, we discretized the soil column into
200 soil layers ranging from a thickness of 0.005 m at the land
surface to 0.146 m at a depth of 8.1 m. As in the recharge mound validation experiment, the vadose zone was parameterized as mean
soil hydraulic properties for loam (Carsel and Parrish, 1988) with
speciﬁc storage (Ss ) of 10−5 m−1 and S of 0.005. For the MODFLOW

portion of the domain, we deﬁned a single unconﬁned aquifer
layer with bottom elevation of 0.0 and a top elevation equal to the
land surface. For this layer, we deﬁned a horizontal hydraulic conductivity of 1.0 × 10−4 m s−1 , which is typical of glacially-derived
sand and gravel aquifers in south-central Wisconsin, and a vertical/horizontal hydraulic conductivity anisotropy ratio of 0.03 so
that vertical hydraulic conductivity in the saturated zone would
be equal to vertical Ksat in the unsaturated zone. Modeled WTD is
somewhat sensitive to the choice of coupling timestep between
AgroIBIS and MODFLOW; care should be taken when selecting
a coupling timesteps, as a timestep which is signiﬁcantly longer
than the timescales of relevant groundwater-ecosystem interactions may lead to a misrepresentation of both groundwater and
ecosystem processes (Fig. A2). We use a daily coupling timestep
between AgroIBIS and MODFLOW for all simulations described
below.
Using this model architecture, we then simulated a suite of
121 urbanization scenarios which differ in both the percent of
the landscape which is urbanized and the spatial conﬁguration of
urbanization (Fig. 6). Scenarios were developed by changing the PFT
of a set percentage of the landscape (5–95%) from corn to mediumdensity urban, and moving the location of the urbanized cells (for
urbanization <50% scenarios) or the corn cells (for urbanization
>50% scenarios) across the landscape from uplands to lowlands.
Each simulation was 50 calendar years in length but used repeated
meteorological data from 2012. The ﬁrst 30 years of each simulation
for each scenario was a spin-up period with the corn PFT grown over
the entire landscape to develop water and energy balances within
the model at an approximate dynamic equilibrium. Following that,
LULC in all urbanized cells was changed to the medium-density
urban PFT for the ﬁnal 20 years of the simulation. We also simulated

210

S.C. Zipper et al. / Ecological Modelling 359 (2017) 201–219

corn grown over the entire domain for the full 50 years (0% urbanization) as a baseline scenario for comparison with the urbanization
scenarios. For all scenarios, output variables (recharge, water table
depth, yield) were averaged over the ﬁnal 10 years of each simulation. Fig. A3 shows the spin-up and change in WTD for a sample
urbanization scenario and illustrates the model reaching dynamic
equilibrium.
4.2. Impact of urbanization on vertical water balance
We ﬁnd signiﬁcantly spatial variability in the vertical water
balance both under baseline conditions and urbanization scenarios. Under baseline conditions, simulated recharge (deﬁned as the
vertical ﬂux between MODFLOW and each 1D AgroIBIS soil column) varied from –275 mm/year to +160 mm/year, indicating that a
range of groundwater-ecosystem interactions are occurring including both groundwater recharge (recharge > 0) and discharge via
capillary rise (recharge < 0). We attribute this variability in the
vertical water balance under homogeneous land cover to differences in WTD at different landscape positions, leading to changes in
the magnitude of groundwater contribution to evapotranspiration
(Lowry and Loheide, 2010; Wang et al., 2016; Wu et al., 2015)
Across all simulations, we ﬁnd that urbanization leads to
changes in mean annual recharge ranging from –81 mm/year to
+212 mm/year, with changes occurring both in locations where
urbanization occurs as well as elsewhere in the domain (Fig. 6,
2nd column). In scenarios with <50% urbanization, changes in
the vertical water balance are generally conﬁned to the locations
which were urbanized. When urbanization occurs in upland areas
where the water table is deep relative to rooting depths, groundwater recharge decreases due to increased runoff resulting from
the increase in impervious cover associated with urbanization. In
contrast, when urbanization occurs in the lowland portion of the
domain where the water table is shallow, the reduction in pervious area decreases ET and root water uptake, which leads to less
capillary rise from the water table to the root zone and an apparent
increase in groundwater recharge. This is consistent with previous
studies which have found that shallow groundwater can signiﬁcantly contribute to plant water requirements via both capillary
rise and direct uptake (Han et al., 2015; Liu et al., 2016; Talebnejad
and Sepaskhah, 2015; Wu et al., 2015), and demonstrates that plant
water use can locally suppress the water table.
In scenarios with >50% urbanization, impacts of urbanization
on the vertical water balance are apparent even in locations
which remain corn, including decreases in groundwater recharge
in upland areas and increases in groundwater recharge (same as
decreases in groundwater discharge) in lowland areas when urbanized (Fig. 6, 2nd column). Slight increases in groundwater recharge
also occurred in midslope areas where urbanization did not occur
because the slight decrease in the WTD resulting from urbanization (Section 4.3) elsewhere leads to a decrease in capillary rise and
overall net increase in groundwater recharge. This provides further
evidence that LULC change in one location can impact the vertical
water balance of areas which remain unchanged.
4.3. Impacts of urbanization on WTD
Urbanization-induced changes to the vertical water balance can
lead to substantial changes in WTD. Across all simulations, urbanization leads to changes in the mean annual WTD at a location
ranging from −0.12 m (shallower water table) to +1.57 m (deeper
water table), with an increase in overall WTD in the majority of
scenarios (Fig. 6, 3rd column). However, there is signiﬁcant spatial
variability in the sensitivity of WTD to urbanization across the landscape. WTD in the lowlands is relatively insensitive to changes in
LULC elsewhere, while in the uplands WTD can get deeper by over

Fig. 8. Response of yield to urbanization scenarios. (a) Yield as a function of water
table depth, with points color-coded by magnitude of yield change in the 95%
scenario in which that point remains corn. Dashed lines correspond to groundwateryield relationships (No Groundwater Inﬂuence, Groundwater Yield Subsidy, and
Groundwater Yield Penalty) proposed by Zipper et al. (2015). (b) yield response
at each location for all 25% urbanization scenarios; other urbanization scenarios
are shown in Fig. A3. Black dots show all simulations in which a position remains
corn, and red dots are the mean of all simulations for each position. (c) Cumulative yield change elsewhere on the landscape resulting from urbanization at each
position, using cell depth of 100 m to convert cross-sectional yield changes to areal
totals (each cell = 1 ha). (For interpretation of the references to colour in this ﬁgure
legend, the reader is referred to the web version of this article.)
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a meter. In particular, reductions in recharge in the uplands associated with urbanization exert a strong inﬂuence on WTD, both in
the location where urbanization occurred and across the domain,
as the water table responds to reductions in recharge to reach a
new dynamic equilibrium (Fig. 7). These results complement the
conclusions regarding groundwater irrigation drawn by Condon
and Maxwell (2014), who found that water table drawdown due
to groundwater abstraction in the lowlands was most strongly felt
in upland areas where groundwater ﬂow is diverging.
Using MAGI, we are able to investigate the ecohydrological
interactions leading to the spatial variability in WTD response
to urbanization. In lowlands, changes in WTD are small because
of a negative feedback between three ecohydrological stabilizing
mechanisms that occur in the lowlands. First, the speciﬁed head
boundary on the right side of the domain (typical of a hydrologically
connected stream or water body) provides a lateral source/sink
of water and therefore prevents the water table from rising or
falling substantially, regardless of changes in recharge elsewhere
on the landscape. Second, plant root water uptake in the lowlands
acts as a sink that extracts water from the unsaturated zone and
inhibits the water table from rising far into the root zone during
times when plant demand for water exceeds available precipitation. Third, water exits the soil domain via exﬁltration when the
water table rises to the land surface. Thus, the water table is relatively stable in the lowlands because excess water is removed
via root water uptake and exﬁltration, and water can be either
provided or removed via lateral inﬂow from the speciﬁed head
boundary (Fig. 7). In contrast, WTD in the uplands is highly sensitive to changes in the vertical water balance because the stabilizing
feedbacks that keep the water table in a relatively narrow range in
the lowlands are not active here.
These conclusions support previous research showing that
changes in the vertical water balance associated with LULC change
can alter the WTD at a landscape scale, which can lead to signiﬁcant
negative impacts including salt mobilization and landscape-scale
ﬂooding (Giménez et al., 2016; Kuppel et al., 2015; Nosetto et al.,
2015). Our results extend these previous ﬁndings by demonstrating that LULC change can lead to contrasting water table responses
depending on the prevailing ecohydrological dynamics at a location. In areas where the water table is constrained to a relatively
narrow range by sources and sinks of water (in our example,
streams and root water uptake) or groundwater convergence,
changes in LULC can have a signiﬁcant impact on the vertical water
balance. However, the changes in the vertical water balance only
have a localized impact on the water table because they do not lead
to changes in the landscape-scale water table gradient. In contrast,
in areas where the water table is unconstrained due to divergence of
groundwater ﬂow (in our example, the uplands region), relatively
small changes in the vertical water balance can alter the overall
water table gradient, allowing the impacts of LULC change to propagate through the domain, leading to widespread changes in the
WTD.
4.4. Impacts of urbanization on yield
Urbanization can have both positive and negative impacts
on yield elsewhere in the watershed due to the altered water
table dynamics discussed in section 4.3. Across all scenarios, yield
changes relative to the baseline conditions range from −1.46 Mg
ha−1 to +1.77 Mg ha−1 (−37.51% to +45.45%). Reductions in yield
are the largest in the central portion of the domain, while increases
in yield occur primarily in the lowlands; it is important to note that
this does not align with the regions experiencing the largest change
in WTD, which are concentrated in the uplands (Fig. 6, 4th column).
The spatial mismatch between changes in WTD and changes in
yield occurs because yield response to urbanization depends not
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only on the magnitude of change in WTD at a location, but also
the initial water table conditions. Following Zipper et al. (2015),
the relationship between yield and WTD is nonlinear and can be
divided into three zones: (1) where groundwater is very shallow,
roots experience oxygen stress and yield is reduced (‘groundwater
yield penalty’); (2) where groundwater is near the optimum depth,
it provides a supplemental source of water, and yield is increased
(‘groundwater yield subsidy’); and (3) where groundwater is very
deep, it has no inﬂuence on land surface processes (‘no groundwater
inﬂuence’) (Fig. 8a).
Our results indicate that yield response to urbanization elsewhere is the largest within the groundwater yield penalty and
subsidy zones where the slope of the relationship between yield
and WTD is the steepest (Fig. 8). In upland regions, the water table
is sufﬁciently deep that groundwater has no impact on the root
zone water balance, and therefore changes in WTD associated with
urbanization have no impact on yield. In midslope areas, there is a
negative correlation between yield and WTD, such that changes in
LULC that increase WTD lead to decreases in yield. In the lowlands,
yield is suppressed due to oxygen stress, which leads to a steep
positive correlation between WTD and yield; therefore, increases in
WTD associated with urbanization can lead to dramatic increases in
yield. These results indicate that ecosystems in which groundwater
exerts a strong inﬂuence over land surface processes under prevailing conditions, corresponding to the groundwater-controlled
zones highlighted by Maxwell and Kollet (2008), are most susceptible to LULC change elsewhere; using the dynamic vegetation
capabilities of MAGI, we are able to further understand the degree
to which these changes in the water and energy balance manifest
in ecosystem services of interest, such as crop yield. These varying
relationships between WTD and yield mean that landscape position
also impacts the amount of yield variability across urbanization scenarios (Fig. 8b). These dynamics are shown in Fig. 8b, using the 25%
urbanization scenarios as an example (other urbanization scenarios
are shown in Fig. A4). In the uplands (‘no groundwater inﬂuence’
zone), the initial water table is sufﬁciently deep that there are minimal yield losses associated with even a large increase in WTD.
In contrast, in midslope areas between the optimum WTD (where
yield is highest under the baseline case) and the ‘no groundwater
inﬂuence’ zone, changes in the WTD can lead to increases in yield if
the water table gets shallower or decreases in yield if the water
table gets deeper. This contributes to increased yield variability
in response to urbanization elsewhere, in which different urbanization scenarios can have positive, neutral, or negative impacts
on yield in the midslope region. This range of potential outcomes
highlights the need to consider LULC as a landscape-level ecohydrological management opportunity. Averaging all scenarios, however,
yield in midslope regions decreases under the conditions simulated. Similarly, in areas where yield is low due to oxygen stress
(‘groundwater yield penalty’ zone), small changes in WTD can have
a large impact because of the steep response of yield to very shallow groundwater by either raising the water table (yield decrease)
or lowering the water table (yield increase).
There is also substantial spatial variability in the degree to which
urbanization at a location inﬂuences yield elsewhere (Figs. 7 ; 8
c). Urbanization in the uplands leads to a net reduction in yield
over most of the landscape, but a large increase in yield in the lowlands. In contrast, urbanization in the lowland areas induces net
increases over most of the landscape, though of a smaller magnitude. These contrasting spatial signals exist because urbanization
in the uplands causes a reduction in groundwater recharge (Fig. 6)
which propagates laterally as a lower water table across the entire
domain (Fig. 7). Lowering the water table leads to a small but consistent negative yield response through the entire midslope portion of
the landscape due to a reduction in the groundwater yield subsidy,
and an increase in yield in the lowlands where yield is suppressed
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due to a groundwater yield penalty. In contrast, urbanization in the
lowlands decreases total root water uptake, leading to a slightly
shallower water table upgradient and relatively small yield gains
due to reduced water stress (Fig. 7). The largest observed changes
in yield occur when the cell immediately next to the cell experiencing a groundwater yield penalty; this is because urbanizing in
this location reduces ET, leading to a decrease in WTD and increase
in oxygen stress for neighboring locations. In general, however,
effects of urbanization in lowland areas are relatively local due to
the stabilizing ecohydrological feedbacks described in section 4.3.
Therefore, urbanization in the lowlands leads to a large change in
the vertical water balance at the cell being urbanized (Fig. 6), but
relatively small effects on yield over most of the landscape because
these changes do not propagate through and strongly impact the
landscape-scale water table regime.

5. Discussion
Increasing the provision of desired ecosystem services while
avoiding ecosystem disservices requires weighing landscape-scale
tradeoffs between various LULCs (Booth et al., 2016; Graves et al.,
2016; Qiu and Turner, 2013, 2015). Based on our results, we argue
that maximizing positive outcomes (and/or minimizing negative
impacts) of LULC change requires a process-based understanding of changes to the vertical water balance and/or ecosystem
productivity caused by LULC-induced changes to the vertical
water balance elsewhere on the landscape. Lateral groundwatermediated impacts on land surface processes induced by LULC
change elsewhere provide an opportunity for smart landscapescale water management. For example, inﬁltration policies for
new development focusing on the upland portions of watersheds
may have the largest (positive or negative) impact on ecosystems
elsewhere, while changes to LULC in areas where groundwater represents a large source of water for vegetation can have a large
local impact but lesser lateral effects. From an ecological modelling perspective, new tools are needed that can quantify the
degree to which LULC decisions in one location can impact ecosystem processes elsewhere on the landscape. By explicitly coupling
groundwater ﬂow processes to a state-of-the-art dynamic vegetation model, we demonstrate not just that lateral groundwater ﬂow
can be a key control over ecosystem processes, and also provide a
new tool for studying these processes.
We acknowledge that groundwater recharge in urban environments is a complex and highly heterogeneous process, and our
representation (which focuses solely on changes to the land surface and root zone) lacks processes that may be important locally.
In this study, we have treated urbanization as a simpliﬁed process
to gain insight into the impacts of change in the vertical water balance. In Baltimore, Bhaskar et al. (2015) found that the effects of
inﬁltration/exﬁltration from wastewater and water supply pipes
on subsurface storage outweighed the impacts of either vegetation cover or impervious fraction. Similar impacts of pipe leakage
have been observed or suggested in municipalities including Austin
TX (Christian et al., 2011; Garcia-Fresca and Sharp, 2005) and
Los Angeles CA (Townsend-Small et al., 2013). Furthermore, green
infrastructural practices such as inﬁltration requirements for new
developments, rain gardens, or disconnecting downspouts from
impervious area can locally enhance inﬁltration and/or recharge
(Newcomer et al., 2014; Shields and Tague, 2015), while private
domestic wells can lead to local groundwater drawdown (Bhaskar
et al., 2016). Where estimates of the relative importance of these
factors are available, the framework of MAGI is sufﬁciently ﬂexible
to allow subsurface processes such as pipe leakage and domestic
pumping to be implemented as source/sink terms to the ﬂow equa-

tions, and processes such as urban irrigation to be represented as a
surface ﬂux.
Regardless, our fundamental point remains valid: changes in the
vertical water balance induced by LULC change can impact land
surface processes and ecological processes elsewhere via altered
subsurface hydrology. While our results use an idealized test case
to explore the potential direction and magnitude of these processes on yield during a dry year, impacts will likely vary based on
factors including topography, hydrostratigraphy, agricultural practices, climate, and weather conditions (Soylu et al., 2014; Zipper
et al., 2015, 2016a). We would therefore expect larger potential
beneﬁts from LULC-induced decreases in WTD in drier climates or
during drought conditions, though these locations would also be
most vulnerable to LULC-induced declines in groundwater levels.
In contrast, yield losses due to a rising water table and enhanced
groundwater yield penalties are likely to be greatest in wetter climates or rainier growing seasons.
Although further work is needed to identify and understand
real-world scenarios in which these ecohydrological feedbacks
exert a signiﬁcant inﬂuence over processes of interest, our work
demonstrates that modest changes to the vertical water balance
induced by LULC change can impact land surface processes and
ecological processes elsewhere via altered subsurface hydrology.
Types of LULC change that have been shown to alter the vertical
water balance and could therefore trigger these lateral feedbacks
include deforestation (Amdan et al., 2013; Giménez et al., 2016),
afforestation (Dean et al., 2015; Ilstedt et al., 2016; Nosetto et al.,
2008), agricultural expansion or practices (Fan et al., 2016; Nosetto
et al., 2015; Scanlon et al., 2005), biofuel expansion (Harding et al.,
2016; VanLoocke et al., 2010, 2012), and urbanization (Bhaskar
et al., 2015, 2016; Newcomer et al., 2014), among others. The strong
impacts of urbanization on yield shown here highlight the need
for ecological modellers to consider potential subsurface connections between areas when quantifying the response of ecosystems
to environmental change.

6. Conclusions
We introduce MAGI, a new process-based critical zone modeling framework which couples the AgroIBIS land surface model,
HYDRUS-1D variably saturated ﬂow model, and MODFLOW
groundwater ﬂow model. While the case study covered here only
simulates shallow groundwater ﬂow, the modular nature of MODFLOW permits applications in layered and diverse groundwater
ﬂow systems. This powerful new modeling platform will allow
for future exploration of feedbacks between ecological and subsurface processes, particularly as related to the impacts of LULC
change and climate change on landscape-scale ecosystem services.
We anticipate this will produce new insights regarding fundamental ecohydrological processes and be useful in addressing applied
questions focusing on the impacts of management practices and
land use decisions on both vertical and lateral components of the
water budget, and the ecological implications thereof (e.g. from a
restoration context).
Furthermore, we ﬁnd that the impacts of urbanization on the
vertical water balance, WTD, and agroecosystem yield are highly
variable and governed by feedbacks between ecosystems and
groundwater. Urbanization in upland areas, where groundwater
has little inﬂuence on land surface processes, leads to decreases
in groundwater recharge and reductions in WTD which propagate
throughout the landscape via lateral groundwater ﬂow, causing
increased water stress in the midslope areas where yield had been
more strongly enhanced by a groundwater yield subsidy. In contrast, while urbanization in lowland areas has a large impact on
the vertical water balance, negative feedbacks between root water
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uptake and lateral ﬂow from nearby water sources prevent the
impacts of LULC change in these regions from being felt broadly.
Lateral impacts of changes in the vertical water balance represent
an important but rarely considered impact of LULC change in three
dimensions. Future work will move our understanding of these
processes from the archetypal examples shown here to real-world
conditions.
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Appendix A. Inﬁltration experiment validation
Inﬁltration experiment validation
We reproduced a ﬁeld inﬁltration experiment described in
Wierenga et al. (1991) to validate movement of water in the unsaturated zone. This experiment consisted of a trench face instrumented
with neutron probes at various depths for soil water content measurement (Fig. A1). Water was applied to the ground surface via
drip irrigation at a rate of 0.182 m day−1 for a total of 86 days, and
the ground surface was covered to prevent evaporation or inﬁltration from precipitation. The water table was assumed to be deep
enough to not affect soil hydrology within the trench.
We simulated this as a one-dimensional homogeneous soil column with a constant inﬁltration rate, following Twarakavi et al.

Fig. A2. Comparison of simulated (a) water table depth and (b) yield as a function of
coupling timestep between AgroIBIS and MODFLOW. Lines show average over the
ﬁnal 10 years of the baseline simulation. All results in the manuscript use a daily
coupling timestep.

Fig. A1. Validation results from inﬁltration trench experiment on (a) day 19 and (b)
day 35. Observed data are from Wierenga et al. (1991).

(2008). Soil water retention characteristics were simulated using
the Van Genuchten (1980) relationships and parameterized as follows: saturated hydraulic conductivity (Ksat ) equal to 2.701 m d−1 ;
saturated volumetric content ( s ) equal to 0.321 m3 m−3 ; residual
water content ( r ) equal to 0.083 m3 m−3 ; and ﬁtting parameters
(␣ and n) equal to 5.50 m−1 and 1.51, respectively. A uniform initial pressure head of –100 m was prescribed throughout the soil
column and the water table was held constant at a depth of 12 m
throughout the simulation; modeled pressure head proﬁles indicate that this deep water table had no effect on soil moisture in the
zone of interest (<6 m).
We performed a complementary simulation with the same
inﬁltration rate and soil hydraulic properties using the ﬁnite element solver COMSOL Multiphysics v5.2 (COMSOL, Inc., Burlington
MA) for an intermodel comparison. COMSOL solves the threedimensional Richards’ Equation, meaning that lateral ﬂow is
included in the unsaturated zone, and is widely used in the hydro-
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Fig. A3. Plots showing evolution of water table depth over time for 3 locations in the model domain for a sample 95% urbanization scenario (corn remains at position x = 1050
m). In each plot, lines show mean monthly WTD and points show mean annual WTD. The urbanization scenario begins at the dashed vertical line, and all results shown in
ﬁgures are averaged over the shaded interval (last 10 years).

logical modeling community (Booth and Loheide, 2010, 2012;
Cardenas, 2008; Gleeson et al., 2016; Sawyer et al., 2011; Singha
and Loheide, 2011; Verma et al., 2014; Weber et al., 2013).
Results from the inﬁltration trench validation experiment
shows that the wetting front is well captured in both space and time
by both MAGI and COMSOL (Fig. A1), and our results are comparable

to other unsaturated zone solvers (Twarakavi et al., 2008). The wetting front simulated by MAGI is more diffuse than that simulated by
COMSOL and matches observed soil moisture data slightly better;
this is because the discretization of soil layers is ﬁner in COMSOL.
Neither simulation captures variability in volumetric water content driven by subsurface variability in soil hydraulic properties
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Fig. A4. Yield (top row) and change in yield relative to baseline scenario (bottom row) for all locations and scenarios. Note that bottom row, third column is the same as
Fig. 8b.

because both simulations were parameterized as homogeneous soil
columns (Wierenga et al., 1991). Overall, this validation indicates
that MAGI is able to successfully simulate inﬁltration and percolation through the vadose zone.
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